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KEYWORD: FORECASTING/ EXPERT SYSTEM/ RULE-BASED EXPERT SYSTEM/
RULE-BASED FORECASTING
SIRIPORN POONSAWAT: SHORT-TERM DEMAND FORECASTING USING
RULE-BASED EXPERT TECHNIQUE. ADVISORY COMMITEE: KANUNGNIJ KUBOLA,
Ph.D., NAKORN INDRA-PAYOONG. Ph.D. 63 P. 2009.

For demand forecasting problem, it is necessary to-consider about the characteristics of
the data. These characteristics are time-varying data, unusual data, seasonal data, trending data,
and level-shift data. In order to achieve more accuracy in forecasting, we needs to select most the
appropriate forecasting technique that correspond to the data.

We propose the Rule-based expert forecasting technique comprising two important parts,
The first part is the data characteristic detection and the second part 15 the forecasting technique
selection corresponding to the data detected by the first part. At the early stage, we experiment the
forecasting model with various types of data, such as datasets of buses demand in Bangkok,
monthly time series from homogeneous population of empirical business time series from
Artificial Neural Networks and Computational Intelligence Forecasting Competition (NN3
datasets), private car sales, and cabbage sales of a department store. The experimental results
show that the proposed model reduce the error of forecasting. One example of experimental result
is that after applying the proposed method to forecast cabbage sales, it improves the profit.

Additionally, we compare the proposed method with other forecasting methods using
M3-Competition datasets with six characteristics in the experiment. The experimental data are
micro data, industry data, macro data, finance data, demographic data, and other types of data.
The results indicate that the overall performance of the proposed model gives the accuracy in the
average with the 12th of 25 forecasting methods. The proposed method yields 14.43 percents
average error in forecasting. However, in the experiment with the seasonal data, it shows that our

method is rost accurate compared to other forecasting methods.
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