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Abstract

Dynamic problem solving method for mobile égent migration planning has the
objective to find a proper path that could make the mobile agents to accomplish their
tasks on time. There is a number of network data that were taken into account in
order to make decision to move each mobile agent. Such data are, for example, the
time taken for movfng from one node to another node, the time delay in each node
and the probability of work completion. Performance evaluation for proper path
selection has divided into 2 parts. The first one is to improve the total travel time of
each feasible path which includes a time delay at each node. The target is to
minimize the total time. The experiments are conducted using the modified Ant
Colony Algorithm to simulate with 20 nodes network. The results show that the
proposed method yields an improving result. The second one is to improve the search
result by using Cuckoo Search Algorithm and testing with Travelling Salesman Problem
dataset, which is also a graph problem as same as the migration planning problem.
The results also show - an imprové performance. There are some other factors that
can havé a significant effect on mobile agent migration planning such as: the
difference performance among nodes, the difference of jobs need to be accomplished
and the maximum number of nodes that provide the best overall performance. These

factors are interesting issues which shall be studied in the future work.
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2.3 dusswissiuliinisanfula (Decision Tree Algorithm)
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Age Income Working Credit Rating Product Y
< 30 High No Fair No
< 30 High No Excellent No
31..40 High No Fair Yes
> 40 Medium No Fair Yes
> 40 Low .| Yes Fair Yes
> 40 Low Yes Excellent No
31..40 Low Yes Excellent Yes
< 30 Medium No Fair No
< 30 Low Yes Fair Yes
> 40 Medium Yes Fair | Yes
< 30 | Medium Yes Excellent Yes
31..40 Medium No Excellent Yes
31..40 High Yes Fair Yes
> 40 Medium No Excellent No
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initParameter();

bird = initSolution();

bestbird, bird = getBestBird(bird, bird);

while ( t<max ) do
new_bird = getNewNest(bird,bestbird);
best, bird = getBestBird(bird, new_bird);
new_bird = destroyEgg(new _bird, best);
best, bird = getBestBird(bird, new bird),
if ( objFunc(best)<objFunc(bestbird) ) do

bestbird = best;

end
T =t+1,
end

return bestbird;
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Abstract

Mobile agent is a distributed computing

technology which allows the processing job

moves their agents from current processing server
to another. Hence, it migration planning is a
significant issue for improving performance of
mobile agent. In this paper, we propose an
improving method for finding path of mobile agent
migration based on cuckoo search algorithm.
Proposed migration algorithm modifies  the
migration step of the cuckoo from current nest to
the new nest. Experimental results, comparing
with migration using ant colony system, are
confirmed that the proposed migration algorithm

is an efficient method in finding path.

Key Words: Mobile agent, Ant Colony System,
Cuckoo Search Algorithm
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CS do

initParameter();

bird = initSolution();

bestbird, bird = getBestBird(bird, bird);

while ( t<max ) do
new_bird = getNewNest(bird,bestbird);
best, bird = getBestBird(bird, new_bird);
new_bird = destroyEge(new_bird, best);
best, bird = getBestBird(bird, new_bird);
if ( objFunc{best)<objFunc(bestbird) ) do

bestbird = best;
end
_ t=t+1;
end
return bestbird;

end
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